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CONVERGENCE OF L2-NORM BASED ADAPTIVE FINITE ELEMENT
METHOD FOR ELLIPTIC OPTIMAL CONTROL PROBLEMS

WEI GONG *, NINGNING YAN ©, AND ZHAOJIE ZHOU f

Abstract:  This paper aims to study the convergence of adaptive finite element method for
control constrained elliptic optimal control problems under L?-norm. We prove the contraction
property and quasi-optimal complexity for the L?-norm errors of both the control, the state and
adjoint state variables with L?-norm based AFEM, this is in contrast to and improve our previous
work [T4] where convergence of AFEM based on energy norm had been studied and suboptimal
convergence for the control variable was obtained and observed numerically. For the discretization
we use variational discretization for the control and piecewise linear and continuous finite elements
for the state and adjoint state. Under mild assumptions on the initial mesh and the mesh refinement
algorithm to keep the adaptive meshes sufficiently mildly graded we prove the optimal convergence
of AFEM for the control problems, numerical results are provided to support our theoretical
findings.
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1. INTRODUCTION

Adaptive finite element method (AFEM for short), aiming to distribute more mesh nodes around
the area where singularity of the solution happens to save the computational cost, was firstly
proposed by Babuska and Rheinboldt ([I]) and becomes nowadays a popular approach in the
community of engineering and scientific computing. The success of AFEM lies in reliable and
efficient a posteriori error estimators derived for the underlying problems, which are used as error
indicators to detect the location of singularity. We refer to [35] for an overview on various types
of error estimators and the applications to different kind of problems.

AFEM was also successfully used for solving optimal control problems (OCPs) governed by
partial differential equations, starting from Liu, Yan [23] for residual type a posteriori error esti-
mates and Becker, Kapp, Rannacher [2] for dual-weighted goal-oriented adaptivity. We refer to
[15] 16l 2], 241 25], 26l 27] for the extensions and applications in distributed and boundary control
problems, Stokes control problems, time-dependent control problems and so on. Recently, Kohls,
Rosch and Siebert derived in [T9] an error equivalence property with respect to the L?-norm error
for the control and energy norm errors for the state and adjoint state, which helps to derive reliable
and efficient a posteriori error estimators for optimal control problems with either variational dis-
cretization or full control discretization. In [3T] the authors considered a posteriori error estimates
for elliptic optimal control problems in L?-norm by extending the ideas of [19].

The adaptive finite element procedure for solving optimal control problems consists of the fol-
lowing loop

SOLVE — ESTIMATE — MARK — REFINE.
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The SOLVE step outputs the finite element solutions of the optimal control problems by solving the
reduced optimization problems with appropriate optimization algorithms. The ESTIMATE step
is based on the a posteriori error estimators which should be reliable and may also be efficient,
while the step MARK selects the set of elements for refinement by some strategies, like MAX
strategy ([28]) or Dorfler’s marking strategy ([I1]), based on the error indicators derived from the
contributions of the control, the state and adjoint state approximations. The step REFINE can be
done by using iterative or recursive bisection of elements with the minimal refinement condition
(see [33,35]).

Although AFEM has been successfully applied for more than three decades, the convergence
analysis is rather recent which started with Dérfler [11] and was further studied in [4, [29] [30]
28, B, and is still far from mature. Optimal complexity of AFEM, which measures the optimal
computational cost of AFEM, is another important issue in AFEM and was firstly addressed by
Binev et al. [4] and further studied by Stevenson ([33][34]). In [5] the authors introduced the notion
of quasi error which consists of the sum of the energy error and the scaled estimator, and proved
the contraction of the errors and quasi-optimal cardinality of a practical adaptive algorithm which
avoids marking for oscillation ([I1]) and circumvents the interior node property of mesh refinement
(|29, 30]).

Compared with AFEM for boundary value problems, the convergence results of AFEM for
solving optimal control problems are scarce and far from satisfactory. Here we give some comments
on existing results. Gaevskaya et. al studied in [I2] the convergence of AFEM for OCPs with full
control discretization. They used the piecewise constant approximation for the control variable and
proved an error reduction property for the optimal control, state, adjoint state and the associated
co-control variables, some additional requirements on the strict complementarity of the continuous
problem and the non-degeneracy property of the discrete control problem were imposed. Moreover,
the marking strategy was extended to include the discrete free boundary between the active and
inactive control sets. Becker and Mao ([3]) gave a convergence proof for the adaptive algorithm by
viewing the control problems as a nonlinear elliptic system of the state and adjoint variables, the
adaptive algorithm presented there involved the marking of data oscillation. In [20] the authors
proved the plain convergence of the adaptive algorithm, i.e., the sequence of adaptively generated
discrete solutions converged to the true solutions of optimal control problems, but no convergence
rate and optimality were derived. Recently, Gong and Yan ([I3]) gave a rigorous convergence
proof for the adaptive finite element algorithm of elliptic optimal control problem in an optimal
control framework. The main idea is to show that the energy norm errors of the state and adjoint
state variables are equivalent to the boundary value approximations of the state and adjoint state
equations up to a higher order term, so that the standard convergence results of AFEM for elliptic
boundary value problems can be used. Later on, the ideas were used to prove the convergence of
an adaptive multilevel correction finite element method for elliptic optimal control problem. We
also mention that in [6] Chen and Leng proved the convergence and quasi-optimality of AFEM
for an elliptic control problem with integral type control constraint by using piecewise constant
control discretization.

We remark that all the results mentioned above are based on AFEM in energy norm error for
both boundary value problems and OCPs. Recall that in the a priori error estimates for optimal
control problems ([1I7]), one can obtain optimal convergence of the control variable by using only
optimal L?-norm error estimates for the state and the adjoint state variables. This strongly suggests
a posteriori error estimates and adaptive algorithm in L?-norm. In [I4] the authors showed that
the convergence of AFEM based on energy norm was suboptimal for the control variable and the
numerical experiments confirmed this sub-optimality. This motivates the study in this paper on
convergence analysis of AFEM for optimal control problems in L?-norm.

Since the Galerkin approximation of second order elliptic equation is only the best approximation
in energy norm, it is not straightforward to prove the convergence of AFEM in L2-norm. There are
already some attempts to prove convergence of AFEM under weaker norms other than the global
energy norm. Morin et al. [32] obtained plain convergence of AFEM for controlling weak norms
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under quite general assumptions on the marking strategy and norm of interest. Demlow studied
in [8] the convergence of AFEM under local energy norm error. Demlow and Steveson proved in
[10] the contraction property and optimal convergence rate of AFEM for controlling L?-norm with
Dérfler’s marking strategy under appropriate mesh grading conditions. The results of [10] were
then used to prove the quasi-optimality of adaptive finite element methods for controlling local
energy errors in [9]. The convergence analysis of AFEM in L?-norm presented in [I0] is based
on the equivalence between the weighted energy norm error and L?-norm error under additional
assumption on the mesh grading. One also need to impose H?2-regularity for the underline elliptic
equation for the derivation of efficient and reliable a posteriori error estimates. In this paper we
follow the approach of [10] to prove the convergence of AFEM for OCPs. We show that the finite
element solutions of the optimal control problem are nearly best approximations to the continuous
ones from the finite element space in the L?-norm up to an oscillation term. Moreover, we show
the contraction property and quasi-optimal complexity for the L?-norm errors of both the control,
the state and adjoint state variables with L?-norm based AFEM, this improves the known result
of [I3] for energy norm based AFEM.

The rest of the paper is organized as follows. In Section 2 we introduce the model elliptic
optimal control problem and its finite element approximation, we also derive efficient and reliable a
posteriori error estimates in L2-norm. The adaptive algorithm based on Dérfler’s marking strategy
is also presented. In Section 3 we give some connections between the weighted energy norm errors
and the L?-norm errors, which enable us to give a convergence analysis of the AFEM for optimal
control problems, the quasi-optimal cardinality is proved in Section 4. Numerical experiments are
carried out in Section 5 to validate our theoretical result.

Let Q € R? (d = 2,3) be a bounded, convex polygonal or polyhedral domain. We denote by
W™4(Q) the usual Sobolev space of order m > 0, 1 < ¢ < oo with norm || - ||;m,4,0. For ¢ = 2
we denote W™91(Q2) by H™(Q) and || - |lm,a = || - lm,2,0, which is a Hilbert space. We denote
[o]l| :== v/(Vv,Vv) and [[|[v]|[p = ([, |Vo|2dz)z for the global energy norm and local energy
semi-norm over {2 and D C 2, respectively.

We denote C' a generic positive constant which may stand for different values at its different
occurrences but does not depend on mesh size. We use the symbol A < B to denote A < CB for
some constant C' that is independent of mesh size. If in addition B S A holds we use the symbol
A~ B.

2. ADAPTIVE FINITE ELEMENT METHOD FOR THE OPTIMAL CONTROL PROBLEM

In this section we consider the following elliptic optimal control problem:

- 1 2 o 2
(2.1) ufélllild J(y,u) = 5”2/ —yallo,o + 5”“”0,9
subject to

(2.2) { —Ay=f+u in Q,

y=0 on 01},

where a > 0 is a fixed parameter, f is a given function, yq € L?(f2) is the desired state and U, is
the admissible control set with bilateral control constraints:

Uyg := {u € L*(Q), a<u<bae. in Q},
where a,b € R and a < b.

We introduce the affine linear control-to-state mapping S : L?(2) — H}(Q) such that for each
f+u € L3(Q) we associate the unique solution of problem (2.2) with y = S(f + u), i.e.,

(2.3) (Vy, Vo) = (f +u,v) Yo € H(Q).

Since f is fixed, in the following we use y = Su instead of y = S(f +u) to emphasize the dependence
on u. Then we are led to a reduced optimization problem m[ijn J(u) := J(Su,u) involving only
u€Uqq
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the control u. By standard arguments ([22]) we can prove that the above optimization problem
admits a unique solution. Moreover, we can derive the following first order optimality condition:

(2.4) (cu+p,v—u) =20 Yvé& U,
where the adjoint state p € HE(Q) satisfies
—Ap=y—ya inf)
(2.5) { p=20 on 0f).
It is clear that p = S*(y — y4) where S* is the adjoint operator of S such that
(2.6) (Vo,Vp) = (y = ya,v) Vo € Hy(Q).

Since the elliptic equation is linear and self-adjoint we have that S = S*. From we
can derive the pointwise representation of the control u through the adjoint p: u = Py, 4(p) =
max{a, min{b, -2 }}.

Now we consider the finite element approximation of above optimal control problems. To begin
with, let 7y be a conforming and quasi-uniform partition of Q into disjoint d-simplices. Each
element in 7y is assumed to be shape regular in the usual sense (see [7]). We denote the set of all
conforming descendants 7 of Tg by T, which can be generated through uniform or local refinements
by newest vertex bisection algorithm. The simplices in any of those partitions are uniformly shape
regular depending only on the shape regularity parameters of 7y and the dimension d, we refer to
[10, Appendix A] for more details on how to generate such kind of partitions. For each T,TET,
we write 7 C 7 when 7T is a refinement of 7.

We denote hp = |T|d for each T € T € T with |T)| the volume of T. Let Ny and & be
the sets of vertices and interior edges or faces of 7. We also denote wp or wp the patches of
elements sharing a vertex or a facet with 7. Since the Galerkin approximation is not the best
approximation in L?-norm, we need to impose some restrictions on the mesh for the convergence
analysis of AFEM in L2%-norm . Following the ideas of [10] we define the continuous and piecewise
linear mesh function hy, such that for any z € N7, hr is defined as the average of the hps over
all T’ € T where z € T'. Then for some constants cr and Ct there holds

(2.7) crhr < hylr < Crhy, YT €T, T eT.
In view of the uniform shape regularity of T there exists another constant C’T such that
IVAT]l0.00,0 < Cr VT eT.

Throughout the paper we assume that the partition T is sufficiently graded, i.e., for some suffi-
ciently small but fixed constant p > 0, the mesh function hy satisfies

(2.8) IVhrlloc0.0 < 1

and in addition, holds for some constants cr and Cg that are independent of p. We refer
to Appendix A in [I0] on how to generate a class of sufficiently mildly graded partitions 7 € T
for given parameter p such that the mesh function hy satisfies and . Given a p > 0 we
denote the class of such partitions by T,,.

Associated with 7 € T we define the continuous and piecewise linear finite element space
Vr C H} (). Let Il : C(Q) — Vi be the standard Lagrange interpolation operator. We define a
discrete control-to-state mapping as S : L?(Q) — Vi such that y7(u) = S7(f + u) and

(2.9) (Vyr(u),Vor) = (f +u,v7) Vor € Vr.

Also we denote y7(u) = Syu for simplicity. Then we can formulate a reduced discrete optimiza-

tion problem Hli[IJl J(uy) := J(S7ur,us) where we use the variational control discretization
uT€Uad

proposed by Hinze ([I7]). By standard arguments ([22]) we can also prove that the above discrete
optimization problem admits a unique solution. Moreover, we can derive the following discrete
first order optimality condition:

(2.10) (eur + pr,v7 —ur) 20 Yoy € Uyg,
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where the discrete adjoint state py € V- satisfies

(2.11) (Vor,Vpr) = (y1 —ya,vr) Yor € Vr

with y7 = S7ur. It is clear that py = S3(y7 — ya) where S3 is the adjoint of S7. Similarly, we
have ur = P, 4)(p7) = max{a, min{b, —E-}}, which is not generally a finite element function.

Now we will give some notations for the following purpose. For each element T" € T we define
the local error indicators ny ,(ur,yr,T) contributed to the state equation and n1,(y7r,p7r,T)
contributed to the adjoint state equation by

(2.12) 07, (ur, yr. T) == hpllf +urll§ o + Z hll[Vyrle - nelld g,
Ec&r,ECOT

213) e ) =hllyr —vaio+ Y. RRIIVerlE nsl} s,
Ec&r,ECOT

where [Vyr]g - ng denotes the jump of Vys across the common side F of elements TF and T,
ng denotes the outward normal oriented to T~. We also define the local error estimator for the
optimal control problem

(2.14) 0 (T) := 07, (ur, yr, T) + 05, (yr, 07, T).

Then on a subset w C €, we define the error estimator ny ,(ur, y7,w) by

(215) 77%',;,(”7” T, W) = Z n%’,y(u77 T, T)
TeT,TCw

Thus, 7, (ur,y7,T) constitutes the error estimator for the state equation on 2 with respect
to the partition 7. The similar definition applies to the error estimators ny ,(yr,pr,T) for the
adjoint state equation and ny(7) for the optimal control problem.

For f € L*(Q2) we also need to define the data oscillation as (see [29} 30])

1
(2.16) ose(f,T) i= [W3(f = Fr)llors  ose(f,T) = (D ose®(£,7))",
TeT
where fr denotes the L2-projection of f onto piecewise constant space on T'. It is easy to see that

(2.17) osc(fi + fo, T) < osc(fr, T) +osc(fo, T),  Vfi, fo € L*(Q).

To derive error estimates in L?-norm we need the following assumption:

Assumption 2.1. Assume that Q is convex so that for each f +u € L*(Q) problem admits
a unique solution y = Su € H?(Q) N HE(Q) and

(2.18) 1912, < Cregllf + ullo,-

The assumption is also valid for the adjoint equation, i.e., for S*.

With above preparations now we are in the position to derive a posteriori error estimates for
both the control, the state and adjoint state variables.

Theorem 2.2. Let (u,y,p) € Usg X H}(Q) x HL(Q) be the solution of optimal control problem

— and (ur,y7,p7) € Usa X V- X Vi be the solution of the discrete problem (@—.

Then we have the a posteriori upper bound

(2.19) [u —urlloo + v —yrlloo + lIp = prloa < Cinr(T)

and the global lower bound

(2.20) () < Calllu = urllog + lly — yrllo + Ip — prllo.c +oser),

where Cy, Co only depend on the shape regularity of T and the data oscillation oscr is defined as

oscg— = osc?(f +ur, T) + osc(yr — ya, T).
5



Proof. Setting v = ug € Uy in (2.4) and v = u € U,q in (2.10) and noticing that p = S*(Su—yq),
p1 = S7(STUT — Ya), We are then led to

(2.21) (au+ S*(Su —yq),ur —u) =0,
(2.22) (cur + ST(STuT — Ya), 0 —ut) 2 0.
Adding the above two inequalities, we conclude from and that
allu — ur|f o < (SH(STuT — Ya) — S*(Su = ya), u — ur)
(ST(STuT = Ya) = S*(STUT — Ya); U — uT) + (" (STUT — Ya) — 5™ (SU — Ya), u — uT)
= (S7H(STur —ya) — S*(STUT — Ya),u — ur) + (STUT — Su, Su — SuT)
= (S7(STur —ya) — S™(STUT — Ya),u — uT) + (STUT — Su, Su— STUT)
(2.23)  +(S7ur — Su, STur — Sur).
It follows from Young’s inequality that
allu—ur|3a+ Iy —y7l8q
(2.24) < O|Sur = Sturllg o + C|S*(STur — ya) — S7(STUT = Ya)ll5.05

where we used the fact that y = Su and y7 = S7uy. Moreover, from ({2.3)), (2.6) and the triangle
inequality we have

lp = S*(STur — ya)llo.o + 1S™(STur — ya) — Pl
ClSu = Srurloe + 11S* (STur — ya) — prlloc
Cllu —urlloo + C||Sur — STutloq + [|S*(STuT — Y4) — PT

Hp - pTHo,Q 0,9

NN N

0,0+

Combining the above estimates we are led to

allu —url§ o+ ly = yrl§e +llp —prlie
(2.25) < O||Sur = Sturll o + CIS*(STur — ya) — S7(STUT = Ya)llo.0-
Note that S7us and S3(S7ur — yq) are the standard finite element approximations of Sus and
S*(S7ur —yg) in finite element space Vi, respectively. Under Assumption We can derive from

standard a posteriori error estimate for elliptic equation under L?-norm that (see [35] for more
details)

(226) ||SU7‘ - STUT”O,Q < OﬂT,y(UTa YT, T)a
(2.27) 1S*(STur — ya) — ST(STuT — Ya)l0.0 < Cni7 (Y727, T)-
Therefore, combining the above results we are able to derive the upper bound with the constant

C1 independent of the mesh size hr.
Now we prove the lower bound. Note that

[Sur = STurlo < [[Sur—Sulloq+ [|Su— STurloa
<

(2.28)

Similarly, we can derive that

Cllu = urllo,o + Iy — yrllo.a-

15" (STur — ya) — ST(STUuT — Yi)ll0,0
1S*(STur — ya) — S*(Su—va)lo.a + [|S*(Su — ya) — SH(STur — Ya)
(2.29) Clly — yrllo.e + llp — prllo,0-

Moreover, from standard lower bound error estimate for elliptic equation (see [35] for more details)
we have the following global lower bound

(2.30) 01y (ur,yr, T) < C(||Sur — STur|on +osc(f +ur, T)),
(2.31) nrp(yr.p7. T) < C(|IS*(STUuT — Ya) — ST(STUT — Ya)ll0,.0 + O5c(yT — Wa, T))-

Thus, we can conclude from the above estimates the lower bound with the constant C5 independent
of the mesh size h7. This completes the proof. O

< 0,2
<




In the following we will present the adaptive algorithm for solving optimal control problems.
Note that there are two error estimators ny ,(ur,yr,T) and 07 p,(y7,p7,T) contributed to the
state approximation and adjoint state approximation, respectively. We use the sum of the two
estimators as our indicators for the marking strategy. The marking algorithm based on Dorfler’s
strategy for optimal control problems can be described as follows

Algorithm 2.3. Dorfler’s marking strategy for OCPs

(1) Given a parameter 0 < 6 < 1;
(2) Construct a minimal subset M C T such that

S BT = 0 (T).
TeM

(3) Mark all the elements in M.

In the following we will frequently use the abbreviations Vj, for Vi, , hi for hy, and vy for vy,
and the similar abbreviations for other variables and notations. Now we can present the adaptive
finite element algorithm for the optimal control problem as follows.

Algorithm 2.4. Adaptive finite element algorithm for OCPs:

(1) Given an initial mesh To with mesh size hg, construct the finite element space Vy.

(2) Set k=0 and solve the optimal control problem @— to obtain (uk,Yr, Pk) € Uaa X
Vk X Vk,

(3) Compute the local error indicator ng(T).

(4) Construct My, C Ty, by the marking Algorithm .

(5) Refine My, to get a new conforming mesh Try1 by procedure REFINE using bisection
algorithm.

(6) Construct the finite element space Vi1 and solve the optimal control problem —
to obtain (Uk+1,Yk+1,Pk+1) € Und X Vir1 X Vig1.

(7) Set k=Fk+1 and go to Step (3).

In step (5) of Algorithm [2.4] we assume that each marked element in M, is bisected r > 1 times
to generate a new mesh Ti1, and additional elements are refined in the process to ensure that Ty
is conforming. We remark that to ensure the mesh grading property we have to additionally
refine elements other than that of Mj. Demlow and Stevenson [I0] showed that this can be done
by inflating the number of simplices by not more than some fixed multiple which depends on the
mesh grading parameter p and can be achieved by the standard newest vertex bisection algorithm
with necessary modifications, and the modification does not compromise the quasi-optimality of
the resulting algorithm, we refer to Appendix A in [10] for more details.

3. CONVERGENCE OF AFEM FOR THE OPTIMAL CONTROL PROBLEM IN L2-NORM

In this section we intend to prove the contraction property of the L?-norm errors of the control,
the state and adjoint state with L?-norm based AFEM. The proof relies on establishing certain
equivalence property between the L?-norm error and the weighted energy norm error for the state
and adjoint state, and uses the convergence result of AFEM under energy norm.

3.1. Connections between the weighted energy norm errors and L?-norm errors. In
this subsection we collect some results from [10] showing certain relationships between the energy
norm and L?-norm errors for the finite element approximations of elliptic equations, and their
generalizations to optimal control problems.
At first, we show that the L2-norm error of finite element approximation of elliptic equation can
be bounded by the weighted energy norm as long as the mesh grading is sufficiently mild.
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Lemma 3.1. ([10, Proposition 3]) For sufficiently small p, let T € T,. Under Assumption
we have that for any f,g € L*(Q),
(3.1) 15F = St flloe S hr(SF = ST,
(3-2) 1579 = S7gllo.e < A7 (S"g — ST9)lll-

With above result we can establish the connection between the L?-norm errors and weighted
energy norm errors for the solutions of optimal control problems.

Lemma 3.2. Let (u,y,p) € Usg x HY(Q) x HY(Q) be the solution of optimal control problem

- and (ur, y1,p1) € Usa X Vi X V- be the solution of the discrete problem (@- )
For sufficiently small pu, let T € T,,. Under Assumption@ we have that

lo.o + llp = prlloe S Ihr(y =yl + lhr( — pr)ll|

33)  Mu—urlloo+Ily—yr
provided that hg < 1.

Proof. From the proof of Theorem we can conclude that

0.2+ lly —yrlloa + llp — prlloe
(3.4) S ISur —yrlloo + 1S*(yr — va) — prllo.o-

~

lu —ur

Recall that y7 and py are the standard finite element approximations of Suy and S*(yr — y4) in
V7, respectively. Then it follows from Lemma and the triangle inequality that

0,0+ lv —yrllo,e + lp — p7llo0
S hr(Sur —yr)lll + [ (S*(y7 — va) — p7)ll|
S ey =yl + a7 (e — pr)ll]

lu —ur

(3.5) +hr(y = Sur)lll + b7 (p — S*(y7 — ya))lll-
After elementary calculation we have
Ihr(y = Sur)IP = (V(hrly = Sur)),V(hr(y — Sur)))

= (V(y— Sur), V(h7(y — Sur))) + (Vhy(y — Sur), Vhr(y — Sur))

1A 715 sc llly = Surll? + VAT E so0lly — Surf o

(3.6) 2770002 VAT ll0,00.0llly = Surlll - ly — Surllo.q-

Note that ||h7]0,000 < ho and ||VA7|l0,00,0 < p. This combining with the stability of elliptic
equation gives

(37) 1y~ Sur)ll S (ho -+ ) lu— urlos.

Similarly, we can prove that

N

lNhr(p = S*(r —ya)lll < (ho+mlly —y7llon
(3.8) S (ho+w)(lu—urlloo+ A7y —yr)l)-

Combining the above results we complete the proof if hg < 1 and p is sufficiently small. O

By using Proposition 4 in [10] and notice that S7us and S3-(S7u7 —y4) are the standard finite
element approximations of Sus and S*(S7ur—y4) in finite element space V-, we have the following
a posteriori upper bounds for ||| (Sur — S7ur)||| and |||k (S*(STur —ya) — SF(STUT —Ya))]l|-

Lemma 3.3. For any T € T, under Assumption [2.1] we have that
(3.9) Ih7 (Sur = STur)lll S n7y(ur, y7. T),
(3.10) [1h7(S*(STur —ya) — ST(STuT — )l S 070 (Y7: 27, T)-

Now we can derive a posteriori error estimate for the optimal control problem under weighted
energy norm.



Lemma 3.4. Let Assumption[2.1] be valid. For any T € T, there exists a constant Cs independent
of the mesh size of T such that

(3.11) b7 (y = y)II? + a7 (0 = pr)III* < Canf(T).

Proof. In view of Lemmal[3.3]it suffices to estimate |||h7(y— Sur) || and |||h7(p— S*(STur—ya))lll-
We use the abbreviation e = y — Sus and note that

k7 (y = Sup)ll* = (V(hrer),V(hrer))
= (Vhyer,Vhrer)+ (hrVer, hyVer) + 2(Vhyer, hyVer)
< IVATIE o gllerll§ .o + BTG oo elllerl®
+2[|Vhr|lo,00,0llh7ll0,00,2lle7 0,0l le7
(3.12) S lu—urlf e

where we used the fact that [|A7]l0,c0.0 S 1, [VAT|l0,c0,0 S 1 and the stability result for elliptic
boundary value problem. Similarly, we can conclude from Lemmas and that

[[h7(p — S*(STur — ya)llI” ly = y7llo.0
ly = Sur|§.q + llhr(Sur — STur)
(3.13) lu = ur|§ a0 + 17, (ur,y7, T).

Combining Theorem (13.12)), (3.13)), Lemma and the triangle inequality we finish the proof.
O

I?

IZANRZANRYAN

It follows from Theorem 2.2] and Lemma [3.4] that

a7 (y = y)I? + 17 = pr)I1? S lu = urlf o + ly — y7ll5.0 + P — prll5 o + 0scF-
The following stability results for the error estimators are direct consequences of [10, Lemma 1],
see also [B, Proposition 3.3].

Lemma 3.5. For any T € T, let ur, 1 € Uuq, y7, 97,07, 07 € V. Under Assumption [2.1] we
have that

Inry(ur,yr, T) = 7y (G g 1) S b (yr — §0)llor + W3 llur — Grllor
(3.14) HIVhrllo,coorlyT — U7

0,075
nrpwr, o7 T) = 77,07, T) S lhr(or — 67)lar + B2 llyr — G7ll0.r
(315) +HVhT||O,OO,(:)T||pT _ﬁTHO,&)T'

Proof. We only prove (3.14]), the proof of (3.15)) is very similar and we will omit it. Note that
nry(uryr,T) < nrylir, gr.T) + (hpllur — @l ¢

+ Y WV - in)le ne|
E€&r,ECOT

1
(2),E>2'

We recall the trace inequality: for any T' € T and vy € Vi there holds

_1 1
IVorlloor S he 2 [IVorlor + h2 || V2or|o,r.

Noting that vy is linear polynomial on 7', the second term in above inequality vanishes. Thus, for
the edge E =T NT’" we have

3
2

3
RENNV(yr — 97)]E - nElo0.E h(IV(yr = 97)7llo.2 + IV(y7T — G7) 77 ll0.E)

<
S he(IVyr = gr)llor + IVyT — §7)llo,17)
(3.16) < My lyr = gr)llror + VR (yr = 97) 70,
where we used the property (2.7). Summing over the edges of T' we complete the proof. O

Then we present the following localized upper bounds for the approximations of the optimal
control problems.



Lemma 3.6. Let (u,y,p) € Usqa x HY(Q) x HI(Q) be the solution of optimal control problem
(.) (.) Given sufficiently small p1, let T € T, and T C T eT, (ur,y7,p7) € Uga X Vi x Vi
and (us, Y7, p7) € Usqg X V3 X Vi be the solutwns of the discrete problem (-) (-) on T and
T, respectively. Then there holds

(3.17) lur —ugllo + ly7 — y#lloo + o7 — Pl < Canr (R 4),

where R-_ 7 is the subset of elements that are refined from T to T and Cy is independent of the
mesh size.

Proof. Note that V7 C V. From (2.10) we have
(qut + S3(yr — ya),v7 —u7) 20 Yoy € Usa,
(aug + S%(y7 — ya),v5 —us) 2 0 Yoz € Uga.

Settlng v = us and v# = uy in above inequalities and adding them together, we conclude from
and (1) that

allur = uzlg o < (S7(yr — ya) — S:(y5 — ya), g — ur)

= (S7(yr - yd) (yT Ya) ug — ) + (S*%(yT — ya) = SE(y7 — ya), ug — ur)
= (S7(yr —wa) — (yT Ya), Uy — UT) + (S7ur — S7us, Sus — STuT)

(3.18) +(S7ur — S7uz, STuT — SFUT).
It follows from Young’s inequality that

allur —u
(3.19) < ClSrur — Srurlda + CISEwr — va) — Sir —va)l3a:

where we used the fact that y+ = S7us and y7 = S7uy. Moreover, from the triangle inequality,
the discrete stability of elliptic equation and (3.19)) we infer that

lpr —p7lloe < 15%(y7r —ya) — 557 — ya)lloo + 1S5y — va) — ST (Y7 — ya)llo.0

< Cllyr —yslloe + 155y — va) — STy — ya)llo,0

< ClS7ur = Stutlon + Cllur — ugllo.o + ClSH(y7r — ya) — S7(y7 — ya)llo.o
(3.20) < ClSzur = Sturlon + ClSH(yr — ya) — ST(y1 — va)llo.0-

Note that S7uy and S7ut are the finite element approximations of Su7 on V7 and V; associated
with partitions 7 and 7T, respectively. Similarly, S7(y7 — y4) and S;i_(yT — yq) are the finite
element approximations of S*(y7 — y4) on Vy and Vz. Then from Lemma 2 in [I0] we conclude
that

(3.21) [STur — Szurlloe < Cnry(ur, STUT, RI_7),
(3:22) 157 (y7 —va) — SF(yr —ya)lloo < Cnrp(y1 — Ya, ST(YT — Ya), Ry 7).
Combining (3.19)), (3.20), (3.21)) and (3.22) we finish the proof. O

The following lemma presents a quasi-orthogonality result for the solution of elliptic boundary
value problem.

Lemma 3.7. ([10, Lemma 3]) For any € >0, T € T, §7,p1 € V7 and f,g € L*(2), it holds that
[ (Sf = STHI?+ hr (ST = an)I° = (L +lllhr (S — g7l

(3.23) < VAR oIS = ST 0 +1ISf = 9718 .0):
I1h7(S*g = S7@I* + [1h7(S79 = B)II* = (1 + e)l[[A7(S*g — B7)|I1?
(3.24) < VAT soa1S7g = S7alld o + 11579 = B7IE 0)-

We also recall the following inequality which is opposed to Lemma
10



Lemma 3.8. ([10, Lemma 4]) For any T € T and f,g € L*(Q) there holds

(3.25) a7 (Sf =9Il S ISF = rlloa+ose(f, T),  Vyr € Vr,
(3.26) Ih7(S*g =)l S 5™ — Prllo.o +0sc(g, T), Vb7 € Vr.

As a final preliminary result we show that the L? norm errors of the control, the state and
adjoint state can be bounded from above by the best approximations of the state and adjoint state
variables in finite element space V- measured in L2-norm, plus data oscillations, if T is sufficiently
mildly graded. We refer to [10, Corollary 1] for a similar result for elliptic boundary value problem
and [7] for the similar Céa’s lemma in energy norm.

Theorem 3.9. Let (u,y,p) € Usqg X H}(Q) x HL(Q) be the solution of optimal control problem
- and (u, y1,p1) € Usa X Vi X Vi be the solution of the discrete problem (@)- :

Then we have

lu—urllo.o+ ly = yrllo. + P — prlloe
(3.27) S inf |ly—vrlloe+ose(f+u,T)+ inf |p—wrlloa+osc(y —yi, T).
vreVr wr€eVy

Proof. From the standard error estimate for elliptic optimal control problem with variational con-
trol discretization (see [I8] Sec. 3, Thm. 3.4]) we have

0,0+ ly —yrlloa+ llp — prlloe
Sy = Srulloe + llp = 57y — ya)llo.o-

Recall that [|[VAT| 0,000 < p. For any vy, wr € V, it follows from Lemmas and that

lu —ur

v —urloe+ly—yrlloe +lp —prllon

S hr(y = STl + [[hr(p = S7(y = ya))
S M7y = o)l + wllly = STulloe + Iy — vrllo.q)
7 (e = wr)lll + ulllp = S7(y = ya)lloo + lp = wrllo.0)
S U+ wlly —vrlog +ose(f +u, T) + pllly — yrllo.o + llyr — STullo.)

+(1 + p)llp = wrllo,o 4+ osc(y — ya, T) + p(llp — prlloe + lp7 — S7(¥ — va)llo.2)
S A+ plly —vrllog 4+ ose(f 4+ u, T) 4+ u(lly — yrlloe + lu — urloq)
(3.28) +(1 4 w)|lp — wrllo,e +osc(y — ya, T) + p(llp — prllo.e + Iy — yrllo.),

where we used the discrete stability of elliptic equation in the last estimate. By taking u sufficiently
small and vy, ws arbitrary we complete the proof. O

Remark 3.10. Compared to Theorem [3.9 we have an alternative result: there exists a constant
C5 independent of the mesh size such that

lu = urllo + ly = yrlloe + Il — prlloe + oser

< C'5< inf (|ly — vrlloq + osc(vr — ya, T))
vreVr

(3.29) +inf (|lp = wrloq + osc(f + Py (wr), 7))
wr€eVr

provided that hg < 1. In fact, we can conclude from the triangle inequality that
OSC(f +u, T) =+ OSC(y — Yd; T) S OSC(f + P[a,b] (’LUT), T) + OSC(UT — Yd; T)

+h7|lu = Py (wr) oo + b3y — vrllo.e-

From the Lipschitz property of the projection operator P,y we have

lu — Py (wr)lloe S llp— wrllo,o-
11



Moreover,

osc(f +ur,T)+osc(yr —ya, T) < osc(f 4 Pap(wr), T) + osc(vr —ya,T)
+h7llur — Py (wr)llo.e + iz llyr — orllo0
osc(f 4 Pap) (wr), T) + osc(vr —ya, T)
+h7([lp — wrllo.0 + [ly — v7llo.0
+p = prllo,e + Iy — y7llo.e)-

Combining the above results, the fact that hr < hg and using we can conclude (5.29
provided that hg < 1 and p sufficiently small.

A

3.2. Convergence analysis of AFEM for OCPs in L%. In this subsection we will prove the
convergence of L?-norm based AFEM for solving optimal control problems. In the following we
assume that (u,y, p) € Uuq x H (2) x H}(Q) is the solution of optimal control problem —
and (uk, Yk, k) € Uqa X Vi X Vi is the solution of the discrete problem (2.9)-(2.11]) generated by
the adaptive Algorithm

At first we prove some quasi-orthogonality properties.

Lemma 3.11. For any € > 0 there hold

Ak41(y = s DI+ 1rr (e = g 112 = (1 + Iy — w12
(3.30) S et hg) (e — w0 + 1y — vrenllse + 1y — wkl5 o),
hkr1 (@ = pra )P+ [11Prs1(rsr — po)lI1? = (1 + )l 1he(p — pr)
e (1 + )y — yeralg.o + lIp = prllg 0 + 1P = pellg.0)-

I?

(3.31)

A

Proof. At first we estimate (3.30). We use the abbreviations ey = y — y and é; = yg+1 — Yk, then
we have

(3:32)  lherrersalll® = Mhwsrerl® = Mhrsrérll® = 2(V(hiriersa), Vhii1ér)).
An elementary calculation gives

[(V(hryrern), Vheraen)| = [(Verrr, V(hi18x)) + (IVhip[*ert, é)
—(exVhyi1, V(hgsiep1)) + (€x+1Vhitr, V(hgirer))|
lexVhiyilloelllheriertll] + llext1 Vhesilloelllherierll|
(3.33) Hlews1VhrtilloollerVhtillog + [(Verir, V(A 18x))|-

It remains to estimate |(Very1, V(i 1€x))|. We divide the estimate into two steps. Firstly, from
the orthogonality property we have

[(V(Suks1 — Yrt1), V(R4 168))|
[(V(Surt1 — Yut1), V(Rj4 18k — g1 (hiy16x)))]

(3.34) < Y IVt = v ) oIV (AR 1 éx — Tiga (741 86)) oz
TETk41

For each T € Tj41 we know that hy 1|7 and é are linear. So [V2hi | S [Vhiqa|*, VZhipr =0
and V2¢;, = 0. By using the inverse inequality, the standard interpolation error estimate ([7]), the
fact that ||[VAkt1]l0,00,0 S 1 and (2.7) we can derive

IV (higrer — Mega (hi1€x)))llor
S bl V(i aén)llor
< he(IVRhi Ve llor + V2R3 1€ llo.r)
S b Vhsgalloso,r([[he+1llo,00, 7 Vexllor + [ Vk+1ll0,00,7] 1€k l0,7)
N
<

N

l0,00,7 + hr|[VAg41]

|Pkt1]l0,00,7] €k
12

VA1 l0,00,7l|€kllo.7 (| Pr+1 0,00,T)

(3.35)

[Vhks1ll0,00,7 0,7



From (3.34), (3.35) and the stability of elliptic equation we conclude that
[(V(Sukt1 = Yrs1), V(hE18x))]|

S Y IV = gk ) llor Vi
T€Tk+1

S (k41 Vertalloo + [he+1V(y — Sug41)] 0,0
(3:36)S  (Nhkrrer+illl + IVhksiertillo + [Prsillo,co.0llt = urs1llo )| VRkt1llo,00.2ll €k l0.0-
Secondly, from (2.3]) we deduce
(V(y — Suks1), V(Bi186)| = [(u— ki, hiy18r)]

141113 oo 0l — urs1llo,2ll€kllo.-

0,00, [1Pk+1l0,00,7 [| €k [l0, 7

0.2)[[Vhrt 10,000 €k

(3.37)
Inserting the above estimates into (3.33]) and using Young’s inequality we are led to

N

- )
|(V(hrrersn), V@)l < 5 hkgrerall* + Prsaenlll®) + Inallf,conlle — usallG e

1
(3.38) +C(1+ ) ([ Vhrtall6 oo, + [t

Combining (3.32)) and (3.38)) yields

16,00,0) (lex+11l5.0 + llexll5 o)-

A = O)llhwsrenall® < @+ ) hrrrerl* = Mhrsréxll® + 2lhrrllf o ollu — werillf o
1
(3.39) +2C(1+ g)(||th+1||3,oo,Q + [k 115 00,0 (ler+1l5.0 + lerlld 0)-
Dividing both sides by 1 — § and choosing }—fg as 1 + € we arrive at
herreraall® S L+ elllhrrrerl® = hrrrénlll? + [hrs1lE co.lle — ursllg
(3.40) e (V113 0.0 + i1 115 so.0) (el o + llexlF.o)-

Note that hpt+1 < hy and ||Vhkt1]o,00,0 < 1 we have

[Prsrexlll < Nhrs1Verlloo + [[Vhkt1llo,co0llex]
< [heVerlloo + pllerlo.e
< lrrerll] + 2pllexllo.q

0,0

(3.41)

so for any € > 0 we have

1
(3.42) nsrerll]® < (1+ )|l lhrexll]* + (1 + ;)4u2||6k||3,n»
substituting the above result into (3.40) and using ||hk+1/0,00,0 < ho we complete the proof of
(3.30) with (1 + €) replaced by (1 + €)? which are equivalent. The proof of (3.31)) is very similar
and we omit it here. O

We also need the following estimator reduction property, the proof is very similar to [5, Corol-
lary].

Lemma 3.12. For any § € (0, 1] there hold
Mooty (Ut 1, Ukt 1, Trg1) — (1 +6) (nz,y(uk’ Yr: Tr) — A (us, yk,MIc))
(3.43) < ot (|||hk+1(yk+1 —y)lII? + 12 lyre1 — wwll§ o + holluess — Uk||g,sz)»
071 p Wk 1, Dki1s Thgr) — (146) (Tlﬁ,p(yk,pkffk) - Ani,p(ykapkv/\/lk))

Bad) < 5 (e = PO + 1 lpess = Pl + hlyees — el ).

where X\ =1—2" and r is the number of bisections for marked elements in My, during the local
mesh refinement.

13



Proof. Tt follows from (3.14)) and Young’s inequality that for any § € (0,1] and T € Tg41 there
holds

nl?:—&-l,y(uk-‘rla Yk+1, T) - (1 + 6)771%+1,y(uk7 Yk T)
S 5 (ks rrs — 92, + [ Vi

B+ Bbllunss — uil g )-

%,OO,(:JT Hyk‘f‘l - yk

Summing over T" € Tiy1 and using the fact that the triangulation is shape regular, (2.8) and
hi+1 < hg, we have
M1,y Ukt U1, Trpn) — (L 007y (e, vk, Trgr)
(3.45) S 5 (s (e = w2+ 12 llgmss — ullE + Billunes — el
For T' € Ty, we define Tp» = {T € Ti41 : T C T'}. From the definition of bisection algorithm we

know that for a marked element 77 € M;, and T' € Tz there holds hr < 27 dhy and [Vy] = 0
across the edges of T' which lie in the interior of 7”. Therefore,

3

(3.46) Mit1y (U Uiy Trr) < 27403 (s i, T).

For T € T;\\M},, we have the monotonicity property nxy1., (g, Yr, Trr) < M,y (k, Y, T') (see, for
instance, [l Remark 2.1]). Summing over T' € Ti41 we obtain

_3r
M1y (Wis Ui, Tog1) < 27 E 08 (ur, s M) + 0y (e, Y, T\ M)

(347) = ni,y(ukvykaﬁ) - Anz,y(uk7yk7Mk)'
Combining (3.45)) and (3.47) prove (3.43). Similarly, we can prove (3.44]). O

Now we are in the position to prove the contraction property for the weighted energy norm
errors of the state and adjoint state.

Theorem 3.13. Let (u,y,p) € Usqg X HF () x HE(Q) be the solution of optimal control problem

— and (g, Yk, k) € Usa X Vi X Vi, be the solution of the discrete problem (@)—
generated by the adaptive Algorithm , Then there exist constant v > 0 and v € (0,1) depending

on cr, Cr, Creg, the shape regularity of To, the parameter § in Algorithm and the number of
times r that each element in Ty, is bisected, such that for sufficiently small u it holds

P41 (y = g DI+ 1hasa (0 = eI + 99841 (Tha)
(3.48) < 2 (Ilwly = w) I + 1w = p)lIP + 32 (T))

provided that hg < 1.
Proof. We use the abbreviations

ER o= [y — yi) |IIP + 12 (p — pi) 1],
ER = [lhis1 (i1 — v)l1* + a1 (prgr — pe) -

From Lemma [3.4] we have
(3.49) E} < COsni(Te)
We can conclude from Lemma [B.11] and Theorem 2.2] that

(3.50) By < (1+€E; — Ef + Coe ' (1” + h3) 0 (Th) + 171 (Thtn))-
14



Moreover, it follows from Lemma the triangle inequality and Theorem that
MEa(Ten) < (L4 8)R(TR) = MEM)) + G~ (B + (12 + B (3 (Th) + 1 (o)) )

< (14 0)(1 = MPR(Ti) + G (BR + (12 + W) (n(Ta) + 172 (Th))

1 2y, 2 _L 2 112
< 1+ IR(T) — 55 VB
(3.51) +Cr8 (B + (2 + B (Th) + 1 (Tarn)) ),

where we used Dorfler’s marking strategy in Algorithm in the second inequality and (3.49) in
the third inequ

ality.
Multiplying (3.51) with 4 = 6C; ' and adding the result to (3.50) gives

1 i
By + 3 (Trn) < (1+0)(1= 2062303 (T) + ((1+€) = (1 +6) 552 00% )

2C5
(3.52) +(1? + 1)1+ Coe™ ) (2 (Th) + 171 (Trr))-
Fixing a sufficiently small § and a sufficiently small € such that
- 1 0
2. _ — 22 — )62
(3.53) 7= max{(l FO(1= 370,140 = (140) 5500 } <1,

we conclude from (3.52)) that
By + (5= (2 + B+ Coe™) it (Tr)
(3.54) < PER+ (774 (62 + h)(1+ Coe ™)) nE(Th).

Choosing p sufficiently small and hy < 1 such that

i+ e+ A+ Cee) 1472,
=+ h) A+ Ceet) T2 7

By choosing v := 5 — (u? + h3)(1 + Cge ') we obtain

725 + (1 + 1) (1 + Cee ™)

(3.55) 0<

E§+1 + i (Tes1) < PER+7 5= (2 + 721+ Coe D) i (Tk)
< PEL+tni(Th)
< (2B )
1402
(3.56) < V(B2 +mi(T))
in view of (3.53). This completes the proof. O

We finally show that the L?-norm errors for both the control, the state and adjoint state converge
to zero with linear rate.

Theorem 3.14. Let (u,y,p) € Uaa x HE(Q) x HE(Q) be the solution of optimal control problem
— and (ug, Yk, Pr) € Uaa X Vi, X Vi, be the solution of the discrete problem (@)—
generated by the adaptive Algorithm[2.]) Let the assumptions in Theorem[3.13 be fulfilled, it holds
that for k >1

lu —ursillo,0 + Iy — yresilloe + [P — Prsal
(3.57) < phl <||u —

0,0 + 0SCr+1

N 0.0+ ly —wu

0,0+ lp — pl||0,Q + oscl>

provided that hg < 1.
15



Proof. From the dominance of the indicator over oscillation (see [5, Remark 2.1]) we have

08Ck+1 (f + Uks1, Trt1) < Mit1,y (Wt 1, Yt1, Tht1),
OSCk+1(yk+1 - yd,77c+1) < 77k+1,p(yk+1,pk+1777e+1)7

which in turn implies

(3.58) OSC%H < 771%+1(77c+1)7
this together with Lemma [3.2] yields

(lu = uks1llo.0 + 1y = yes1llo.o + [P — Prsillo.o + oscri1)?
(3.59) S ka1 = v )P + rksa (P = Pea) 12+ 701 (Trgr)-

On the other hand, it follows from Lemma [3.4] and Theorem [2.2] that

112+ 9ni 41 (Ti1)

1Pr41(y = g )P+ hasa (0 = Prgr)
S 771%+1(77c+1)
(3.60) S (lw—wesallog + 1y — vksrllog + I = prsllog + oscryn)?.
Combining and we arrive at
(llv = ugs1llo.0 + 1y = yrt1llo.o + [P — Prsilloo + OSCk+1)2
(3.61) =~ w1 (v = yer )12+ e (p = prr) 1P + 071 (Trrn),

this together with Theorem [3.13| completes the proof. O

4. COMPLEXITY OF AFEM FOR THE OPTIMAL CONTROL PROBLEM UNDER L2-NORM

In this section we prove the quasi-optimal complexity of L?-norm based AFEM for solving
optimal control problems. To begin with, we follow the idea of [10] (see [5, B3] for the defini-
tions of approximation classes with respect to the energy norm based AFEM) to introduce the
approximation class A® for s > 0:

at={(np) € HYQ) x HY(Q): ~Ay,—Ap € L2(Q), |(np)lar < o0},
where
|(y,p)|as = supe inf (#T— #76) .

>0 T€T1’U7_ig§/7r(H'.’J*UTH()’Q‘FOSC(UTfyd’T))
+ w’ri!éfv’r(HP*U’THo‘QJrOSC(erP[a’b] (wg), T)<e

In our case of Q being convex and V7 being linear, (H?(Q) N H}(Q))? € A* with s = 1ifd =2
and s = 2 if d = 3. However, the class A® is much larger than (H?(Q) N H§(2))? which makes the
L?-norm based AFEM attractive, since the rate s is already realized with uniform refinements if
y,p € H2(2) N HY(Q). We refer to [10, Sec. 7] for more details.

To prove the optimality of AFEM we shall give the complexity of refinement, we refer to [5]
Lemma 2.3] and [34] for related results. The following lemma shows that the difference between
the cardinalities of the output and initial partitions can be bounded from above by some multiple
of the total number of marked elements.

Lemma 4.1. [I0, Theorem 4] Let K be the total number of calls of bisection algorithm in [10, P.
210], so that K is no larger than the sum of the cardinalities of all sets of marked simplicies. Then
for the output partition T, it holds that #T — #To < K.

To bound the number of marked elements in Dérfler’s marking we give the following lemma.

Lemma 4.2. Let 6 < m Let p be sufficiently small such that Lemma 1s valid. If

lu —urllo.o+ Iy — yrlloe + lp — prlloq + oscr

(4.1) < (1= 0051+ C)(Jlu — uxllog + 1y — velloe + o — pillog + oscx)
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holds for T, € T, and T, C T € T, then we have
(4.2) Me(R7—~7) 2= O (Te).-

Proof. From the triangle inequality we have

oo < llur —uklloo + lyr — wklloo + o7 — Pr
Hlu—=urloe+ Iy —y7rloq + llp —prloe,
oscy < 0sck(R7,—7) + oscr.

It follows from Theorem Lemma [4.1] and the assumption of the lemma that

lu —urlloo + |y — yrllo.o + llp — P 0,0

OC+ Dm(T) < 0Cs(1+ Ca)(lu— wrllos + 1y — villos + Ip — prlloe + osci)
< u—wulloo+ly — vklloo + lp — prlloo + oscy
—lu—urlloe = ly — y7llo.0 — llp — p7llo,0 — 0scr
< lur = ulloe + lyr — yello.e + o7 — Prllo,o + osck (R7 - 7)
< (4 Cone(R7—7)s
this completes the proof. O

Lemma 4.3. For any s > 0, let (y,p) € A®. Assume that u is sufficiently small such that Theorem
is valid. Then under the assumptions of Lemma[f.3, the number of marked elements My, C Ty,
defined in Algorithm [2-3 satisfies

1 1
(4.3) #Mi S 1) 4= ([w — urllo + Iy — yrllo.o + lIp — prlloa + oscr) 7.
Proof. Let
1 0C,(1+C;
aa) o= IS g+l = pullon + o~ pellon + oscr)

where (' is defined in Remark Let 7/ € T and y7,py € V7~ such that

(4.5) |y =y llo, +osc(yr —ya, T') + Ip — prllo,0 + 0sc(f + Pay(p7), T') < e
We can conclude from the definition of A* that

(4.6) 4T~ #T5 S |(4,p)

It can be shown from Appendix A in [I0] that 7" can be refined to a partition 7" € T, with
H#T" — #To S #T' — #7T depending on p. Let T := T” @ Tx be the smallest common refinement
of 7" and Ty in T, there holds #T — #7T, < #T" — #7To (see [33]). In view of Vv C V7, the
monotonicity of data oscillation ([5, Remark 2.1]) and Remark we have

1 1
€S

v —urllo,e + [y —yrllo + [lp — prlloq + oscr
S Cs( inf  (lly —v7 o, + osc(vr —ya, T'))

V1 €V

+ il (llp = wr o + ose(f + Py (wr), 7))
Wt EVT/

(4.7) < (1=0C,(14C))(|Jlu—uklloe + v — yelloe + lp — prlloe + oscr),

so we can conclude from Lemma that ng (R7,—7) = 0 (Tr). Note that Algorithm selects

a minimal set My, of Ty, with n,(My) > 0ng(Tx). Thus,

(4.8) H#My S HR7o7 SHT —#Ti <H#T" —#To SH#T' — #To.
Now follows from . O

Now we are in the position to present our final result on the quasi-optimality of AFEM for
solving optimal control problems.
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Theorem 4.4. Let (u,y,p) € Uyg x HE(2) x HE(Q) be the solution of optimal control problem

— and (Up, Yn, Pn) € Uaa X Vi XV, be the solution of the discrete problem (@)—

generated by the adaptive Algorithm . For some s > 0, let (y,p) € A®. Under the assumptions
of Lemma[{.9 there holds that

(4.9) Il — wp|
provided hg < 1.
Proof. Tt follows from Lemmas [£.1] and [.3] that

0.0+ 1y —vnlloa + 1P — pulloq + 0scn S |(y,p)| as (#Tn — #7To)~*

n—1
#To—#To S D #M
k=0

. _1

e ) (lu=uillog + lly = yrllog + llp = prllog + oscr) .
k=0

Due to Theorem [3.13] we obtain form 0 < k < n that

(4.10) S (y.p)

”u - un”O,Q + Hy - yn”O,Q + Hp _pn”O,Q + oscp,

S ank(Hu —ugllo, + |y = ykllo,o + [P — prlloe + OSCk)-
Thus,
n—1
1 _1 n—k
#To —#T0 S 1) (e —unlloo + 1y = ynlloo + P = Pallog +osc) = Y v
k=0
1 _1
(4.11) S 1@ P (lw = unllo,e + 1y = ynlloo + 1P = Palloe + o0scn) 77,
where the last inequality holds due to v < 1. This completes the proof of the theorem. 0

5. NUMERICAL EXPERIMENTS

In this section we carry out some numerical tests in two dimensions to support our theoretical
results obtained in this paper. As indicated in [I0], the additional refinement of elements to ensure
the mesh grading property seems to be not necessary in practical computations to deliver
optimal convergence of L?-norm based AFEM. So in current paper we use the practical bisection
algorithm without additional refinement, similar phenomenon can be observed for the optimal
convergence.

Example 5.1. We consider an example defined on = (0,1)2. We set a = 0.1 and choose the
ezact solutions as

y = arctan(—50x; + 100xs — 25),
1
p = 16z1(1 = 21)z5(1 — 22)(1 + arctan(200(75 — (21 — 0.5)? — (22 — 0.5)%))),
u = max{—5, min{—1, fg}},
o

the corresponding f and yq can be obtained after simple calculation. Note that we itmpose inho-
mogeneous Dirichlet boundary condition for the state y and our theoretical analysis applies to this
case after some simple adaptations .

In Figure [I] we plot the profiles of the state and adjoint state variables on adaptively refined
mesh with # = 0.3 and 20 adaptive loops. Although the solutions are smooth, larger gradients can
be observed in certain areas so the adaptive finite element method may deliver much smaller errors
compared to the uniform refinement. In Figure [2| and [3] we show the adaptive meshes after 15,
20 and 25 adaptive loops with Dorfler’s marking parameter 8 = 0.3. We can see that the meshes
concentrate on the areas where the solutions have larger gradients. Moreover, in Figure [3] we plot
the active sets of both the continuous control, the discrete controls by using variational control
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discretization and piecewise linear and continuous finite element approximations. We can observe
that the active set of variational discretized control is more close to the continuous one compared
with full control discretization, this shows the superiority of variational control discretization.
In Figure 4| we give the comparisons of convergence history of the L?-norm errors of the optimal
control, the state and adjoint state and the error estimators on uniformly refined meshes (f=1) and
adaptively refined meshes with 8 = 0.3 and 6 = 0.4, respectively. Although optimal convergence of
second order in L2-norm can be observed for both the uniform refinement and adaptive refinement,
we have smaller errors for adaptive algorithm which shows the power of AFEM for problems even
with H2-regularity.

FIGURE 1. The profiles of the numerical state (left) and adjoint state (right) on
adaptively refined mesh with § = 0.3 and 20 adaptive loops for Example

generated by Algorithm

FIGURE 2. The adaptive meshes after 15 steps (left) and 25 steps for Example
generated by Algorithm [2.4] with 6 = 0.3.
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FIGURE 3. The adaptive meshes after 20 steps (left) and zoom in near the left
below corner for Example [5.1] generated by Algorithm [2:4] with 6 = 0.3. The red
line depicts the boarder of the active set of the continuous solution, the blue line
depicts the boarder of the active set when using variational discretization, and the
green line depicts the boarder of the active set obtained by using piecewise linear,
continuous controls.
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FIGURE 4. The comparisons of convergence history of the optimal control, state
and adjoint state and the error estimators on uniformly refined meshes (§=1) and
adaptively refined meshes with § = 0.3 (left) and 6 = 0.4 (right), respecvitely, for
Example [5.1] generated by Algorithm

Example 5.2. In the second erxample we consider an optimal control problem without explicit
solutions. We set Q = (0,1)%, a = 1072, a = 10 and b = 15. We choose the singular f and desired

state yq as
15 -1.9
f=V@ =12+ (22—1)> ", ya=/a?+a3 .
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Note that f and yq are not in L?>(Q) as we assumed in the paper, the theory we derived above
does not apply in this case. However, since the singularity is only located in two points, only some
simple modifications need be made in the computations. We intend to use this example to explain
that even in convex domain the solution of elliptic equation may have singularity caused by singular
data so the adaptive FEM may also find applications.

In Figure [5| we plot the profiles of the state and adjoint state variables on adaptively refined
mesh with § = 0.3 and 20 adaptive loops. Since f and yg have singularities near the points (0,0)
and (1,1), respectively, we can observe the corresponding singularities for the state and adjoint
state. In Figure [f] and [7] we show the adaptive meshes after 15, 20 and 25 adaptive loops with
Dérfler’s marking parameter § = 0.3. We can see that the meshes concentrate on the points (0, 0)
and (1,1) where the singularities of the solutions are located. Moreover, in Figure [7| we plot the
active sets of the discrete controls by using variational control discretization and piecewise linear
and continuous finite element approximations. We can observe that the active set of variational
discretized control crosses the elements and can give better results, as indicated in Example
Since we do not have explicit solutions, in Figure [8| we only show the comparisons of convergence
history of the error estimators on uniformly refined meshes (6=1) and adaptively refined meshes
with 8 = 0.3 and 6 = 0.4, respectively. We can observe the optimal second order convergence
for the reduction of the error estimators for the adaptive refinement which reflects the optimal
convergence of the L?-norm of the control, the state and adjoint state because the a posteriori
error estimate is reliable and efficient. Note that only reduced orders are observed for the uniform
refinement, which is due to the singularity of the solutions caused by singular data.

FIGURE 5. The profiles of the numerical state (left) and adjoint state (right) on
adaptively refined mesh with § = 0.3 and 20 adaptive loops for Example [5.2]
generated by Algorithm
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FIGURE 6. The adaptive meshes after 15 steps (left) and 25 steps for Example
[6-2) generated by Algorithm [2:4] with 6 = 0.3.
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FIGURE 7. The adaptive meshes after 20 steps (left) and zoom in near the origin
for Example 5.2 generated by Algorithm |2.4|with # = 0.3. The blue (upper bound)
and yellow (lower bound) lines depict the boarder of the active set of the discrete
solution when using variational discretization, and the pink (upper bound) and
cyan (lower bound) lines depict the boarder of the active set obtained by using
piecewise linear, continuous controls.
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